
P ublis hing 
S patia l Data

W orking with Data Maps



Data Maps
U.S. Coast Survey, Map showing the distribution of the slave population of the 

southern states of the United States (Washington, DC: Henry S. Graham, 1861). Image 
from the Library of Congress.

The Spread of U.S. Slavery, 1790–1860

http://memory.loc.gov/cgi-bin/map_item.pl?data=/home/www/data/gmd/gmd386/g3861/g3861e/cw0013200.jp2&style=gmd&itemLink=r?ammem/gmd:@field(NUMBER+@band(g3861e+cw0013200))&title=Map%20showing%20the%20distribution%20of%20the%20slave%20population%20of%20the%20southern%20states%20of%20the%20United%20States.%20%20Compiled%20from%20the%20census%20of%201860%20Drawn%20by%20E.%20Hergesheimer.%20Engr.%20by%20Th.%20Leonhardt.


W hat E x ac tly is  V is ualiz ation?



https://www.univision.com/noticias/elecciones-2016/los-hispanos-no-fallaron-en-florida-fueron-los-
blancos-quienes-sorprendieron-y-marcaron-el-inicio-de-la-victoria-de-trump

Univis ión Notic ias

https://www.univision.com/noticias/elecciones-2016/los-hispanos-no-fallaron-en-florida-fueron-los-blancos-quienes-sorprendieron-y-marcaron-el-inicio-de-la-victoria-de-trump


https://www.washingtonpost.com/graphics/2018/national/segregation-us-cities/?%3Ftid%3D=sm_pg&utm_term=.6785ebcaf520

T he W as hington P os t

https://www.washingtonpost.com/graphics/2018/national/segregation-us-cities/?%3Ftid=%3Dsm_pg&utm_term=.6785ebcaf520


https://www.fastcodesign.com/90111367/what-happens-when-google-turns-artists-loose-on-its-search-data

SEE ALL PROJECTS:
https://trends.google.com/trends/story/US_cu_6fXtAFIBAABWdM_en

G oogle News L ab:

https://www.fastcodesign.com/90111367/what-happens-when-google-turns-artists-loose-on-its-search-data
https://trends.google.com/trends/story/US_cu_6fXtAFIBAABWdM_en


G oogle News L ab

http://how-to-fix-a-toilet.com/

http://how-to-fix-a-toilet.com/


It looks like magic
but it isn’t…



T he E lements  of  Visualization





• Mic hael E . Mann, R aymond S . B radley, and Malc olm K . Hughes  
Intergovernmental P anel on C limate C hange (IP C C ), T hird R eport, 20 0 1



O ptional: E x ploring Data
• We will use a data set from Matthew Lincoln’s research on Dutch art. His dataset on works of art that depict places 

in Amsterdam can be downloaded from the resources page. You should begin by looking at the repository in which 
his data is stored, and by reading the associated blog post where he talks about his research questions.

• Examining the data
• Begin by answering these questions:

• Where did he get his data?
• How did he gather it?
• What research questions did he have?
• How did these questions shape the data?

• Now download and open the data sets. Notice that there are three files in comma-separated values (CSV) format. 
These can be opened in a spreadsheet program like Libre Office or Excel. Try to answer these questions.
• What information do these files hold?
• Where is the spatial data? What kind of spatial data is there?
• What is the relationship between the files?

http://matthewlincoln.net/
http://gebeasley.org/DH390/resources-for-spatial-humanities/
https://github.com/mdlincoln/middlebury_amsterdam
https://github.com/mdlincoln/middlebury_amsterdam
http://matthewlincoln.net/2015/02/15/mapping-artistic-attention-in-amsterdam.html
http://en.wikipedia.org/wiki/Comma-separated_values


A FRAMEWORK
+

VISUAL ENCODINGS
+ ANNOTATIONS
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Visual encoding



Identifying E nc odings

T HE  S T YLE  AND S T R UC T UR E  OF A VIS UAL IZAT IO N 
DE P E ND O N IT S  P UR P O S E



E uropean 
C ommis s ion
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What methods of encoding can you spot here?

https://www.themarshallproject.org/2016/08/18/crime-in-context#.Q2NYkV3mN

The Marshall Project

https://www.themarshallproject.org/2016/08/18/crime-in-context#.Q2NYkV3mN


https://polygraph-cool.github.io/asne/dev/

Polygraph for Google News Lab

What methods of encoding can you spot here?

https://polygraph-cool.github.io/asne/dev/


W hat methods  of  
enc oding c an you 
s pot here?

NP R .org

http://www.npr.org/s ections / health-s hots /
20 17/0 4/14 /5229 56939 /maps - show-a-
dramatic-rise-health-in- insurance-coverage-
under-aca

http://npr.org/
http://www.npr.org/sections/health-shots/2017/04/14/522956939/maps-show-a-dramatic-rise-health-in-insurance-coverage-under-aca


T he C ore P rinc iples



Good visualizations

1.
2.
3.
4.

…Are based on good data
…Attract your attention
…Represent the data accurately
…Show the right amount of data



https://twitter.com/TreyYingst?ref_src=twsrc%5Egoogle%7Ctwcamp%5Eserp%7Ctwgr%5Eauthor

https://twitter.com/TreyYingst?ref_src=twsrc%5Egoogle%7Ctwcamp%5Eserp%7Ctwgr%5Eauthor
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This is what truly matters in a presidential election

WHO WON ON EACH
STATE

STATE SIZE ADJUSTED BY ELECTORAL
VOTES IT CONTRIBUTES TO THE
ELECTION

TRUMP

304
270

Other:
7

ELECTORAL 
VOTES

CLINTON

227



A FRAMEWORK
+

ONE OR MOREVISUAL ENCODINGS
+ 

ANNOTATIONS



T he T ampa 
B ay T imes

http://www.tampabay.com/proj
ects/20 15/investigations/pinell
as-failure- factories/chart-
failing-black-s tudents /

http://www.tampabay.com/projects/2015/investigations/pinellas-failure-factories/chart-failing-black-students/
http://www.tampabay.com/projects/2015/investigations/pinellas-failure-factories/chart-failing-black-students/
http://www.tampabay.com/projects/2015/investigations/pinellas-failure-factories/chart-failing-black-students/


https://www.nytimes.com/interactive/2017/08/07/opinion/leonhardt-income-inequality.html

T he New York T imes

https://www.nytimes.com/interactive/2017/08/07/opinion/leonhardt-income-inequality.html


https://www.washingtonpost.com/ 
graphics/2017/local/virginia- politics/jobs/

The Washington Post

https://www.washingtonpost.com/graphics/2017/local/virginia-politics/jobs/


Data S ourc es  – A  R eminder
R es ourc es  for S patial Humanities  – T he Digital P as t (gebeas ley.org) – 

http://gebeasley.org/DH390/resources-for-spatial-humanities/


https://www.gapminder.org/data/

http://www.gapminder.org/data/


http://ec.europa.eu/eurostat/data/database

http://ec.europa.eu/eurostat/data/database


F louris h Data 
V is ualiz ation

S kills  As s es s ment



G etting S tarted W ith F louris h

• To get started, head to the Flourish website and create an account.

https://www.google.com/url?sa=t&rct=j&q=&esrc=s&source=web&cd=&cad=rja&uact=8&ved=2ahUKEwjs69268K_2AhWSlYkEHcMVBgUQFnoECAkQAQ&url=https%3A%2F%2Fflourish.studio%2F&usg=AOvVaw2XwqSheXlfwqmIfIEDEUdI


G etting the 
Data

Detroit Police Department Citizen Complaints: 2016-
April 2019 data set.

http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-2018-Citizen-Complaints-by-Month_Type-DPD__Citizen_Complaints.csv
http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-2018-Citizen-Complaints-by-Month_Type-DPD__Citizen_Complaints.csv


C reating B as ic  V is ualiz ations  and Importing Data







Uploading 
Data





O ther V is ualiz ations



Hierarc hic al C hart



Hierarc hic al C hart



Hierarc hic al C hart



Mapping 
with F louris h
• F or this  final ac tivity, we'll be 
working with two new data 
s ets —the 'Detroit P D Motor 
V ehic le Arres ts  20 17-19 .xls x ' file 
and the 'Detroit P D Datas et 
C ategories .xls x ' file—to c reate a 
marker map.

http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-PD-Motor-Vehicle-Arrests-2017-19.xlsx-Sheet1.csv
http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-PD-Motor-Vehicle-Arrests-2017-19.xlsx-Sheet1.csv
http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-PD-Dataset-Categories.xlsx-Sheet1.csv
http://gebeasley.org/DH390/wp-content/uploads/2022/11/Copy-of-Detroit-PD-Dataset-Categories.xlsx-Sheet1.csv


Mapping with F louris h



Mapping with F louris h



Mapping 
with 
F louris h –
C ategories



Mapping 
with 
F louris h - 
L oc ations



Mapping with F louris h – P op-ups





C us tomiz ing 
the Dis play



Exporting Your 
Visualization



A dditional 
R es ourc es

Although we've explored a few types  of 
vis ualizations , F louris h S tudio offers  many more 
alternative and advanc e vis ualizations  not 
c overed in this  tutorial. F or more information on 
s pec ific  vis ualizations  and features , vis it the 
F louris h help page and blog. F or ins piration for 
your vis ualizations , als o be s ure to vis it 
F louris h's examples  gallery and T witter profile.

L as tly, always  feel free to reac h out to me with 
any ques tions . Happy vis ualizing!

https://flourish.studio/help/
https://flourish.studio/blog
https://flourish.studio/examples/
https://twitter.com/f_l_o_u_r_i_s_h


Hous ek eeping
• L ook through the data s ets  and s ee if you c an find any that looks  interes ting to 

experiment with (I do give options  in your S kills  As s es s ment if you c annot find your 
own in our S patial Data R es ourc es . 

• W e will work in G oogle’s  F louris h. Here is  the S kills  As s es s ment As s ignment:

• http://gebeas ley.org/DH39 0 /flouris h-s kills -as s es s ment/

• Don’t forget to c ontinue with your other maps , as  well as  make s ure your readings  
are done, s o that you c an inc orporate them in your final blog pos t. 

http://gebeasley.org/DH390/flourish-skills-assessment/
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